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3- Data Warehouse Striping
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Sum of grids for the cluster 1:

Gl +G2+G3+G4+G5+G6+G7+GS;
7x m x n additions of cells.

Sum of grids for the cluster 2:

G9 + G10 + G11 + G12;

3 x m x n additions of cells.

Sum of grids for the cluster 3:

G13 + Gl14;

1 xm x n additions of cells.

Sum of grids for the cluster 4:

G15 + G16 + G17 + G18+ G19 + G20;
5 x m x n additions of cells.

Sum of grids for the cluster 5:

G214+ G22 + G23+ G24 + G25 +g26;
5 xm x n additions of cells.
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Query A:

SELECT id_cell, Sum(value)

FROM cells, grids

WHERE

grids.id_grid = cells.id_grid

GROUP BY id_cell
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Query B:

SELECT id_cell, Sum (value x number_of_grids)
FROM cells, grids,

SELECT max (id_grid) id_grid_rep, id_cluster, count (*)
number_of_grids

FROM grids

GROUP BY id_cluster) as TempCluster

WHERE grids.id_grid = cells.id_grid and grids.id_grid =
TempCluster.id_grid_rep

GROUP BYid_cell
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Sum of grids for the cluster 1:
G8x7;

1 x m x n multiplications.

Sum of grids for the cluster 2:
G12 x 4;

1 x m x n multiplications of cells.
Sum of grids for the cluster 3:
Gl4 x 2;

1 xm x n multiplications of cells.
Sum of grids for the cluster 4:
G20 x 6;

1 xm x n multiplications of cells.
Sum of grids for the cluster 5:
226 % 6;

1 xm x n multiplications of cells.
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