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1- Ground Measurement

2- Indirect Statistical Approach
3- Remote Sensing Approach

4- Forest Canopy Density (FCD)
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1- Advanced Vegetation Index (AVI)
2- Thermal Index (TI)

3- Shadow Index (SI)

4- Bare soil Index (BI)

5- Vegetation Density (VD)

6- Advanced Shadow Index (ASI)
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