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SOl b ek (pl AL Sler sl &S @ e 5 L
S JE s g’US Al e V6 p LSS
5 Sentinel-2 s A 5 & XY slakil plis) LG
(ol Gl p e el o (M sad SO LSS
L slml o gean AL ol slails 5 Jlesl L
S 2,8 18 eslinal 5550 S3ledde Ayl s oS
35l b e Slallae iy 53 oS e Glat3ls
3,8 o 3 elial sy K b sladasiis
gty S3L o 5w e Sl C3L e 5 4
S b Sy ol oud GKe Sl 5l ab
L gl 2 035 olite 5 (Solsen «s 25 S s S
(Gonzales & Woods, 2002) IS _» Olg o3,
Ve (slian il (slaaasie 5l 55 ol aalllas s
3550 0 oy o3Il iomes UG C\Jowﬂl Ll eles (sl
Slaaasiie oS 43 § Ll Fx¥ aallls opl 3 eslinad
ple ( Sran (2l s (Sl bels sl

)9 (L;‘M (}J 4.:)‘) 9 L;_<A.h ‘uﬁ)}:—ﬂ LUM-’LPTJ”

(P Y byl o bis il5T)

P gl e pslal (B3l e TS
S35 S nd] el Ao B S plonil B g 4
bl a3 8 &0 ¢354~ U Sentinel-2 &)l pals ;5 5las
S Sl ppite YAver Bv o pglad cpl 03, 430
bl 5o b oSy o585 ol usedd Bl

A A5V B o3l 4 'QUICK |y 3l eslizad

ﬁ_}L,aJ u:’J.bﬁ: -4y

B e glaclee lls 50 bl sl
u.’.'}-L.» 9 LLAJ.:L' prJ‘ ch,.éL.: JA}J R ‘YLSJ;C,.?MJ
@ axg L 4 (Naghavi, 2014) sl ® alS sla 2 Ls
Slwly 53 5 Gloolsale slaesls (55, 5 355 50 Sl
123 S el ENVI

1- QUick Atmospheric Correction
2- Ratioing

3- Texture analysis

4- Band integration

5- Vegetation index making
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1- Normalized Difference Vegetation Index (NDVI)

2- Difference Vegetation Index (DVI)

3 - Green Difference Vegetation Index (GDVI)
4 - Green Normalized Difference Vegetation Index (GNDVI)
5- Green Ratio Vegetation Index (GRVI)

6- Renormalized Difference Vegetation Index (RDVI)
7-Nonlinear vegetation Index (NLI)

8 - Random Forest (RF)
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1- Support Vector Machine (SVM)
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